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CHAPTER 3RELIABILITYby Dimiter DimitrovGeorge Mason UniversityIn B. T. Erford (Ed.) Assessment for Counselors2007 Boston: Houghton-Mifflin/Lahaska Press(pp. 99-122)
2ReliabilityChapter Outline1. What is Reliability?2. Classical Model of ReliabilityTrue ScoreClassical Definition of ReliabilityStandard Error of MeasurementStandard Error of Estimation3. Types of ReliabilityInternal ConsistencyTest-Retest ReliabilityAlternate Form ReliabilityCriterion-Referenced ReliabilityInter-rater reliability4. Reliability of Composite ScoresReliability of Sum of ScoresReliability of Difference ScoresReliability of Weighted Sums5. Dependability in Generalizability TheoryDependability with One-Facet Crossed DesignDependability with Two-Facet Crossed DesignDependability of Cutting-Score Classifications6. Summary7. Questions and Exercises8. Suggested Readings
3What is Reliability?Measurements in counseling, education, and related behavioral fields are not completelyaccurate and consistent. There is always some error involved due to person’s conditions(e.g., mood, fatigue, and momentary distraction) and/or external conditions such as noise,temperature, light, etc., that may randomly occur during the measurement process. Theinstrument of measurement (e.g., tests, inventories, or raters) may also affect the accuracyof the scores (observations). For example, it is unlikely that the scores of a person on twodifferent forms of an anxiety test would be equal. Also, different scores are likely to beassigned to a person when different counselors evaluate a specific attribute of this person.In another scenario, if a group of persons take the same test twice within a short period oftime, one can expect the rank order of their scores on the two test administrations to besomewhat similar, but not exactly the same. In other words, one can expect a relativelyhigh, yet not perfect, positive correlation of test-retest scores for the group of examinees.Inconsistency occurs also in different criterion-referenced classifications (e.g., pass-failor mastery- nonmastery) based on measurements obtained through testing or subjectiveexpert judgments.In measurement parlance, the higher the accuracy and consistency of measurements(scores, observations), the higher their reliability. Thus, the reliability of measurementsindicates the degree to which the measurements are accurate, consistent, and repeatablewhen (a) different people conduct the measurement, (b) using different instruments thatpurport to measure the same trait (e.g., proficiency, attitude, anxiety), and (c) there isincidental variation in measurement conditions. The reliability is a key condition forquality measurements with tests, inventories, or individuals (raters, judges, observers,etc.). Most importantly, reliability is a necessary (yet, not sufficient) condition for thevalidity of measurements. To remind, validity has to do meaningfulness, accuracy, andappropriateness of interpretations and decisions based on measurement data.It is important to note that reliability refers to the measurement data obtained with an
4instrument and not to the instrument itself. Previous studies and recent editorial policiesof professional journals (e.g., Dimitrov, 2002; Sax, 1980; Thompson & Vacha-Haase,2000) emphasize that it is more accurate to talk about reliability of measurement datathan reliability of tests (items, questions, and tasks). Tests cannot be accurate, stable, orunstable, but observations (scores) can. Therefore, any reference to “reliability of a test”should be interpreted to mean the “reliability of measurement data derived from a test”.CLASSICAL MODEL OF RELIABILITYTrue ScoreMeasurements with performance tests, personality inventories, expert evaluations,and even physical measurements, are not completely accurate, consistent, and replicable.For example, although the height of a person remains constant throughout repeatedmeasurements within a short period of time (say, 15 minutes) using the same scale, theobserved values would be scattered around this constant due to imperfection in the visualacuity of the measurer (same person or somebody else). Thus, if T denotes the person’sconstant (true) height, then the observed height, X, in any of the repeated measurementswill deviate from T with an error of measurement, E. That is,X T E.(1)To grasp what is meant by true score in classical test theory, imagine that a persontakes a standardized intelligence test each day for 100 days in a raw. The person wouldlikely obtain a number of different observed scores over these occasions. The mean of allobserved scores would represent an approximation of the person’s true score, T, on thestandardized intelligence test. In general, the true score, T, is the mean of the theoreticaldistribution of X scores that would be observed in repeated independent measurements ofthe same person with the same test. Evidently, the true score, T, is a hypothetical conceptbecause it is not practically possible to test the same person infinity times in independentrepeated measurements (i.e., each testing does not influence any subsequent testing).
5It is important to note that the error in Equation 1 is assumed to random in nature.Possible sources of random error are: (1) fluctuations in the mood or alertness of personstaking the test due to fatigue, illness, or other recent experiences, (2) incidental variationin the measurement conditions due, for example, to outside noise or inconsistency in theadministration of the instrument, (3) differences in scoring due to factors such as scoringerrors, subjectivity, or clerical errors, and (4) random guessing on response alternatives intests or questionnaire items. Conversely, systematic errors that remain constant from onemeasurement to another do not lead to inconsistency and, therefore, do not affect thereliability of the scores. Systematic errors will occur, for example, when a counselor Xassigns two points lower than a counselor Y to each person in the stress evaluation of agroup of individuals. So, again, the reliability of any measurement is the extent to whichthe measurement results are free of random errors.Classical Definition of ReliabilityEquation 1 represents the classical assumption that any observed score, X, consistsof two parts: true score, T, and error of measurement, E. Because errors are random, it isassumed that they do not correlate with the true scores (i.e., rTE 0). Indeed, there is noreason to expect that persons with higher true scores would have systematically larger (orsystematically smaller) measurement errors than persons with lower true scores. Underthis assumption, the following is true for the variances of observed scores, true scores,and errors for a population of test-takers:σ X2 σ T2 σ E2 ,(2)i.e., the observed score variance is the sum of true score variance and error variance.Given this, the reliability of measurement indicates what proportion of the observedscore variance is true score variance. The analytic translation of this definition isσ T2rxx 2 .σX(3)
6Note: The notation for reliability, rxx, stems from the equivalent definition that thereliability is also the correlation between the observed scores on two parallel tests (i.e.,tests with equal true scores and equal error variances for every population of personstaking the two tests; e.g., Allen & Yen, p. 73). The reliability can also be represented as2the squared correlation between observed scores and true scores: rXX rXT.Any definition of reliability (e.g., Equation 3) implies that the reliability may takevalues from 0 to 1, with rxx 1 indicating perfect reliability - this is possible only whenthe total observed score variance is true score variance ( σ X2 σ T2 ) or, equivalently, whenthe error variance is zero ( σ E2 0 ). The closer rxx to zero, the lower the score reliability.Standard Error of Measurement (SEM)Classical test theory also assumes that (a) the distribution of observed scores that aperson may have under repeated independent testings is normal and (b) the standarddeviation of the normal distribution, referred to as standard error of measurement (SEM),is the same for all persons taking the test. Under these assumptions, Figure 1 representsthe (hypothetical) normal distribution of observed scores for repeated measurements ofone person with the same test. The mean of this distribution is, in fact, the person’s truescore (T 20) and the standard deviation is the standard error of measurement (SEM 2).95% of possible observed scores012SEM1416SEM18T SEM20SEM22242628 Figure 1. Normal distribution of observed scores for repeated testings of one person.
7Based on basic statistical properties for normal distributions, Figure 1shows that (a)almost all possible observed scores for this person are expected to fall in the interval fromT – 3(SEM) to T – 3(SEM), which in this case is from 14 to 26, and (b) about 95% ofthese observed scores are expected to fall in the interval from T – 2(SEM) to T 2(SEM),which in this case is from 16 to 24. The latter property may be used reversely to construct(approximately) a 95% confidence interval of a person’s true score, T, given the observedscore, X, of the person in a real testing:X – 2(SEM) T X 2(SEM)(4)For example, if X 23 is the person’s observed score in a single real testing, then his/hertrue score is expected (with about 95% confidence) to be in the interval from X – 2(SEM)to X 2(SEM). Thus, with X 23 and SEM 2, the 95% confidence interval for the truescore of this person is from 23 – 2(2) to 23 2(2), i.e., from 19 to 27.Evidently, smaller SEM will produce smaller confidence intervals for the person’strue score thus leading to higher accuracy of measurement. Given that SEM is inverselyrelated to reliability, one can infer that the higher the reliability, the higher the accuracyof measurements. As some previous studies indicate, however, although the reliabilitycoefficient is a convenient unitless number between 0 and 1, the SEM relates directly tothe meaning of the original scale of measurement (e.g., number-right correct answers)and is therefore more useful for score interpretations (e.g., Feldt & Brennan, 1989;Thissen, 1990). Using the following equation, one can determine the SEM from thereliability, rxx, and the standard deviation of the observed scores:SEM σ X 1 rXX .(5)(Note: One can easily derive Equation 5 from Equations 2 and 3, taking into account that SEM σE.)For example, if the reliability is .90 and the standard deviation of the persons’ observed. .scores is 5, then the standard error of measurement is: SEM 5 1 .9 5(.3162) 1581
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8Caution: The concept of SEM is based on two assumptions: (a) normality – thedistribution of possible observed scores under repeated independent testings is normaland (b) homoscedasticity – the standard deviation of this normal distribution of possibleobserved scores is the same for all persons taking the test. These assumptions, however,are generally not true, particularly for persons with true scores that are far away (higheror lower) from the average true score for a sample of examinees. Therefore, results basedon the classical SEM (e.g., confidence intervals for true scores) should be perceived onlyas overall rough estimations and interpreted with caution. There are more sophisticated(yet, mathematically more complex) measurement methods that provide higher accuracyin estimating (conditional) standard errors of measurement for persons with different truescores. Brief notes on such methods are provided later in this chapter.Standard Error of EstimationAs shown in the previous section, X 2SEM is a 95% confidence interval for thetrue score, T, of a person, given the person’s observed score, X, and the standard error ofmeasurement, SEM (see Equation 5). Still within classical test theory, an estimation of aperson’s true score from his/her observed score can be obtained by simply regressing Ton X. In fact, the regression coefficient in predicting T from X is equal to the reliabilityof the test scores, rXX (Lord & Novick, 1968, p. 65). Specifically, if µ is the populationmean of test scores, the regression equation for estimating true scores from observedscores isT rXX X (1 rXX ) µ.(6)Note. Equation 6 shows also that the estimated (predicted) true score, T , is closer tothe observed score when the reliability, rXX, is high and, conversely, closer to the mean, µ,when the reliability is low. In the extreme cases, (a) T X , with perfectly reliable scores(rXX 1), and (b) T µ , with totally unreliable scores (rXX 0).
9All persons with the same observed score, X, will have the same predicted truescore, T , obtained with Equation 6, but not necessarily the same actual true scores, T.The standard deviation of the estimation error (ε T - T ) is referred to as standard errorof estimation, σ ε (or, SEE), and is evaluated as follows:SEE σ X rXX (1 rXX ) ,(7)where σ X is the standard deviation of the observed scores and rXX is the score reliability.The standard error of estimation, obtained with Equation 7, is always smaller thanthe standard error of measurement, obtained with Equation 5 (SEE SEM). Thus, whenestimating true scores is of primary interest, the regression approach (Equation 6)provides more accurate estimation of a person’s true score, T, compared to confidenceintervals for T based on SEM.Caution. Keep in mind that the SEM is an overall estimate of differences betweenobserved and true scores (X – T), whereas the SEE is an overall estimate of differencesbetween actual and predicted true scores (T - T ). Also, the estimation of true scores usingEquation 6 requires information about the population mean of observed scores, µ, (or atleast the sample mean, X , for a sufficiently large sample), whereas obtaining confidenceintervals for true scores using SEM (e.g., X 2SEM) does not require such information.Example 1. Given the standard deviation, σ X 5, and the reliability, rXX .91, forthe observed scores, X, one can use Equation 5 to obtain the SEM and Equation 7 for the. ; (noteSEE. Specifically, SEM 5 1 (.91) 2 2.073 and SEE 5 (.91)(1 .91) 1431that SEE SEM). If the observed score for a person is X 30, the interval X 2SEM (inthis case, 30 2 x 2.073), shows that the true score of this person is somewhere between25.854 and 34.146. Given the mean of the observed scores (say, µ 25), a more accurateestimate of the true score is obtained using Equation 6: T (.91)(30) (1-.91)(25) 29.55(why is the true score estimate, T , close to the observed score, X 30, in this example?)
10TYPES OF RELIABILITYThe reliability of test scores for a population of examinees is defined as the ratio of theirtrue score variance to observed score variance (Equation 3). Equivalently, the reliabilitycan also be represented as the squared correlation between true and observed scores (e.g.,Allen & Yen, 1979, p. 73). In empirical research, however, true scores cannot be directlydetermined and therefore the reliability is typically estimated by coefficients of internalconsistency, test-retest, alternate forms, and other types of reliability estimates adopted inthe measurement literature. It is important to note that different types of reliability relateto different sources of measurement error and, contrary to some common misconceptions,are generally not interchangeable.Internal ConsistencyInternal consistency estimates of reliability are based on the average correlationamong items within a test or scale. A widely known method for determining internalconsistency of test scores yields a split-half reliability estimate. With this method, the testis split into two halves which are assumed to be parallel (i.e., the two halves have equaltrue scores and equal error variances). The score reliability of the whole test is estimatedthen by the Spearman-Brown formula:rXX 2r12,1 r12(8)where r12 is the Pearson correlation between the scores on the two halves of the test. Forexample, if the correlation between the two test halves is 0.6, then the split-half reliabilityestimate is: rXX 2(0.6)/(1 0.6) 0.75.One commonly used approach to forming test halves, called the odd/even method,is to assign the odd-numbered test items to one half and the even-numbered test items tothe other half of the test. A more recommended approach, called matched randomsubsets, involves three steps. First, two statistics are calculated for each item: (a) theproportion of individuals who answered the item correctly and (b) the point-biserial
11correlation between the item and the total test score. Second, each item is plotted on agraph using these two statistics as coordinates of a dot representing the item. Third, itemsthat are close together on the graph are paired and one item from each pair is randomlyassigned to one half of the test.The Spearman-Brown formula is not appropriate when there are indications that thetest halves are not parallel (e.g., when the two test halves do not have equal variances). Insuch cases, the internal consistency of the scores for the whole test can be estimated withthe Cronbach’s coefficient α (Greek letter alpha) using the formula (Cronbach, 1951):α 2[ VAR( X ) - VAR( X 1 ) VAR( X 2 )],VAR( X )(9)where VAR(X), VAR(X1), and VAR(X2), represent the sample variance of the whole test,its first half, and its second half, respectively. For example, it the observed score variancefor the whole test is 40 and the observed variances for the two test halves are 12 and 11,respectively, then coefficient alpha is: α 2(40 – 12 – 11)/40 0.85.Caution. With speed tests, the split-half correlation coefficient would be close tozero since most examinees would answer correctly almost all items in the first half and(running out of time) will miss most items in the second half of the test.In the general case, the coefficient α is calculated for more than two components ofthe test. Each test component is an item or a set of items. The formula for coefficient α issimply an extension of Formula 9 for more than two components of the test.α n 1 n 1 VAR( X ) ,iVAR(X) where n is the number of test components,X is the observed score for the whole test,Xi is the observed score on the ith test component (i.e., X X1 X2 Xn),VAR(X) is the variance of X,(10)
12VAR(Xi) is the variance of Xi, andΣ (Greek capital letter “sigma”) is the summation symbol.If each test component is a dichotomous item (1 correct, 0 incorrect), the coefficient αcan be calculated by an equivalent formula, called Kuder-Richarson formula 20, with thenotation KR20 (or α-20) for the coefficient of internal consistency:KR20 n pi (1 pi ) , 1 VAR( X ) n 1 (11)where n is the number of dichotomous test items,X is the observed score for the whole test,VAR(X) is the variance of Xpi is the proportion of persons who answered correctly item i,pi(1 - pi) is the variance of the observed binary scores on item i (Xi 1 or 0),that is VAR(Xi) pi(1 - pi).Example 2: Table 1 illustrates the calculation of the KR20 coefficient (Formula 11) forthe observed scores of 50 persons on a test of four dichotomous items (n 4) given thatthe variance of the total observed scores on the test is 1.82 [i.e., VAR(X) 1.82].Table 1Item Nipi1 - pipi(1 - pi)177/50 .14.86.14 x .86 .120421212/50 .24.76.24 x .76 .182431818/50 .36.64.36 x .64 .230441313/50 .26.74.26 x .74 .1924KR20 4 0.7526 1 .782 3 182.Summation: Σ pi(1 - pi) 0.7526Note. Ni number of persons responding correctly on item i (i 1, 2, 3, 4)
13Caution: It is important to note that coefficient α (or KR20) is an accurate estimateof reliability, rXX , only if there is no correlation among measurement errors and the testcomponents (if not parallel) are at least essentially tau-equivalent. By definition, testcomponents are essentially tau-equivalent if the persons’ true scores on the componentsdiffer by a constant. Tau-equivalency implies also that the test components measure thesame trait (e.g., anxiety) and their true scores have equal variances in the population ofrespondents. When measurement errors do not correlate, but the test components are notessentially tau-equivalent, coefficient α will underestimate the actual reliability (α rXX).If, however, the measurement errors with some test components correlate, coefficient αmay substantially overestimate the reliability (α rXX). Correlated errors may occur, forexample, (a) with items related to a common stimulus (e.g., same paragraph or graph) and(b) with tests presented in a speeded fashion.Test-Retest ReliabilityWhen test developers and practitioners are interested is assessing the extent to whichpersons consistently respond to the same test, inventory, or questionnaire administered ondifferent occasions, this is a question of test-retest reliability (stability) of test data. Testretest reliability is estimated by the correlation between the observed scores of the samepeople taking the same test twice. The resulting correlation coefficient is referred to alsoas coefficient of stability.The major problem with test-retest reliability estimates is the potential for carry-overeffects between the two test administrations. Readministration of the test within a shortperiod of time (e.g., a few days or weeks) may produce carry-over effects due to memoryand/or practice. For example, students who take a history test may look up some answersthey were unsure of after the first administration of the test thus changing their trueknowledge on the history content measured by the test. Likewise, the process ofcompleting an anxiety inventory could trigger an increase in the anxiety level of some
14people thus causing their true anxiety scores to change from one administration of theinventory to the next.If the construct (attribute) being measured varies over time (e.g., cognitive skills,depression), a long period of time between the two administrations of the instrument mayproduce carry-over effects due to biological maturation, cognitive development, changesin information, experience, and/or moods. Thus, test-retest reliability estimates are mostappropriate for measurements of traits that are stable across the time period between thetwo test administrations (e.g., visual or auditory acuity, personality, and work values). Inaddition to carry-over effect problems with estimates of test-retest reliability, there is alsoa practical limitation to retesting because it is usually time-consuming and/or expensive.Therefore, retesting solely for the purpose to estimate score stability may be impractical.Caution: Test-retest reliability and internal consistency are independent concepts.Basically, they are affected by different sources of error and, therefore, it may happenthat measures with low internal consistency have high temporal stability and vice versa.Previous research on stability showed that the test-retest correlation coefficient can servewell as a surrogate for the classical reliability coefficient if an essentially tau-equivalenttest model with equal error variances or a parallel test model is present (Tisak & Tisak,1996).Alternate Form ReliabilityIf two versions of an instrument (test, inventory, or questionnaire) have very similarobserved-score means, variances, and correlations with other measures, they are calledalternate forms of the instrument. In fact, any decent attempt to construct parallel tests isexpected to result in alternate test forms as it is practically impossible to obtain perfectlyparallel tests (i.e., equal true scores and equal error variances). Alternate forms usuallyare easier to develop for instruments that measure, for example, intellectual abilities orspecific academic abilities than those that measure constructs that are more difficult torepresent with measurable variables (e.g., personality, motivation, temperament, anxiety).
15Alternate form reliability is a measure of the consistency of scores on alternate testforms administered to the same group of individuals. The correlation between observedscores on two alternate test forms, referred to also as coefficient of equivalence, providesan estimate of the reliability of either one of the alternate forms. Estimates of alternateform reliability are subject to carry-over effects as test-retest reliability coefficients, butin lesser degree due to the fact that the persons are not tested twice with the same items.A recommended rule-of-thumb is to have a 2-week time period between administrationsof alternate test forms.Whenever possible, it is important to obtain both internal consistency coefficientsand alternate forms correlations for a test. If the correlation between alternate forms ismuch lower than the internal consistency coefficient (e.g., a difference of 0.20 or more),this might be due to (a) differences in content, (b) subjectivity of scoring, and (c) changesin the trait being measured over time between the administrations of alternate forms. Todetermine the relative contribution of these sources of error, it is usually recommended toadminister the two alternate forms on the same day for some respondents and then withina 2-week time interval for others. If the correlation between the scores on the alternateforms for the same-day administration is much higher than the correlation for the 2-weektime interval, then variation in the trait being measured is a major source of error. Forexample, it is likely that measures of mood will change over a 2-week time interval andthus the 2-week correlation will be lower than the same-day correlation between thealternate forms of the instrument. However, if the two correlations are both low, thepersons’ scores may be stable over the 2-week time interval but the alternate formsprobably differ in content.Caution: When scores on alternate forms of an instrument are assigned by raters(e.g., counselors or teachers), one may check for scoring subjectivity by using a threestep procedure: (1) randomly split a large sample of persons, (2) administer the alternateforms on the same day for one group of people, and (3) administer the alternate formswithin a 2-week time interval for the other group of people. If the correlations between
16raters are high for both groups, there is probably little scoring error due to subjectivity. Ifthe correlation over the 2-week time interval and the same-day correlation are bothconsistently low across different raters, it is difficult to determine the major sources ofscoring errors. Such errors can be reduced by training the raters in using the instrumentand providing clear guidelines for scoring behaviors or traits being measured.Criterion-Referenced ReliabilityCriterion-referenced measurements report how the examinees stand with respect toan external criterion. The criterion is usually some specific educational or performanceobjective such as “know how to apply basic algebra rules” or “being able to recognizepatterns”. Because a criterion-referenced test may cover numerous specific objectives(criteria), each objective should be measured as accurately as possible. When the resultsof criterion-referenced measurements are used for dichotomous classifications related tomastery or nonmastery of the criterion, the reliability of such classifications is oftenreferred to as classification consistency. This type of reliability shows the consistencywith which classifications are made, either by the same test administered on twooccasions or by alternate test forms.Two classical indices of classification consistency are (a) Po the observedproportion of persons consistently classified as masters/nonmasters and (b) Cohen’s κ(Greek letter kappa) the proportion of nonrandom consistent classifications. Theircalculation is illustrated for the two-way data layout in Table 2 where the entries areproportions of persons classified as masters/nonmasters by two alternate test forms of acriterion-referenced test (Test A and Test B). Specifically, p11 is the proportion of personsclassified as masters by both test forms, p12 is the proportion of persons classified asmasters by test A and nonmasters by test B, and so on. Also, PA1 , PA2, PB1, and PB2 arenotations for marginal proportions, that is: PA1 p11 p12, PB1 p11 p21, and so on.Thus, the observed proportion of consistent classifications (masters/nonmasters) is
17Po p11 p22(12)Table 2.Contingency Table for Mastery-Nonmastery ClassificationsTest BMaster NonmasterMasterp11p12PA1Nonmasterp21p22PA2Test -----------------------------------PB1PB2However, Po can be a misleading indicator of classification consistency because partof it may occur by chance. Cohen’s kappa takes into account the proportion of consistentclassification that is (theoretically) expected to occur by chance, Pe, and provides a ratioof nonrandom consistent classificationsκ Po Pe,1 Pe(13)where Pe is (theoretically) the sum of the crossproducts of the marginal proportions inTable 2: Pe PA1PB1 PA2PB2. In Formula 13, the numerator (Po - Pe) is the proportionof nonrandom consistent classification being detected, whereas the denominator (1 - Pe)is the maximum proportion of nonrandom consistent classification that may occur. Thus,Cohen’s kappa indicates what proportion of the maximum possible nonrandom consistentclassifications is found with the data.Example 3. Let us use specific numbers for the proportions in Table 2: p11 0.3,p12 0.2, p21 0.1, and p22 0.4. The marginal proportions are: PA1 0.3 0.2 0.5,PA2 0.1 0.4 0.5, PB1 0.3 0.1 0.4, and PB2 0.2 0.4 0.6. With these data,the observed proportion of consistent classification is Po 0.3 0.4 0.7 (Formula 12).
18The proportion of consistent classifications that may occur by chance in this hypotheticalex
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ANZ MatureChoice Home Insurance

Home Insurance In case you need to make a claim, tear off the cards below and place in your car, wallet and at home. ANZ MatureChoice Home Insurance is underwritten by CGU Insurance Limited ABN 27 004 478 371 AFSL 238291 (CGU Insurance). ANZ MatureChoice Home Insurance 24 hr/7 days Claims Assistance Service Call 1300 306 497
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Quotations - Free Website Builder: Create free websites

cards, but sometimes, playing a poor hand well." . 50th Birthday Quotes 60th Birthday Quotes And there are more. Funny Birthday Quotes Cute Birthday Quotes . it a try, itʼs free. Triumph over failure can be a
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The Top 100 Motivational & Inspirational Quotes for 2015

I've spent hours crawling through the web trying to find the best quotes to keep me motivated and inspired all throughout the New Year. I've saved hundreds of quotes on my laptop and figured that words alone could motivate and inspire me. but if I couple the quotes
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Inspirational Quotes - Guideposts

Inspirational Quotes Inspiring quotes are like vitamins for the soul. From the heartfelt to the humorous, the words of wisdom you’ll find here will strengthen your faith, lift your spirits, and even spark a positive change in your life. This collection of some our favorite inspirational quotes from religious figures, world leaders, authors,
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Gold Tier - MAPFRE Insurance

Foy Insurance of MA, LLC 198 Frank Consolati Insurance Agency, Inc. 198 County Insurance Agency, Inc. 198 Woodrow W Cross Agency 214 Woodland Insurance Agency, Inc. 214 Tegeler Insurance Services of CT, Inc. 214 Pantano/VonKahle Insurance Agency, Inc. 214 . Hanson Insurance Agency, Inc. 287 J.H. Slattery Insurance Agency, Inc. 287
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Fortress Bedroom Rated Home Insurance Policy

WELCOME TO FORTRESS HOME INSURANCE Fortress is a bedroom-rated Home and Contents insurance policy arranged by UK General Insurance Limited on behalf of Great Lakes Insurance SE, UK Branch. Great Lakes Insurance SE is a German insurance company with its headquarters at Königinstrasse 107, 80802 Munich. .
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Consumer Guide to Auto Insurance - csimt.gov

consumer guide to auto insurance contents introduction to auto insurance 1 understanding your auto insurance policy 2 required auto insurance 3 optional types of auto insurance 4-5 getting the right coverage 6 accidents and violations 7 how to shop for auto insurance 8 shopping tips 9 frequently asked questions 10-11 insurance complaints/when you have a problem 12
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Industry Observations Insurance Industry

Jun 30, 2019 · 6/17/2019 Commercial Insurance Branch of Extraco Banks, N.A. Higginbotham Insurance Group, Inc. Insurance Brokers NA 6/13/2019 Links Insurance Services, LLC World Insurance Associates LLC Property and Casualty Insurance NA 6/13/2019 Abram Interstate Insurance Services, Inc. Risk Placement Services, 
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Life Insurance Buyer's Guide Life Insurance - National Association of .

Life Insurance uers uide Naional ssociaion of Insurance Commissioners Compare the Different Types of Insurance Policies There are many types of life insurance pol-icies. You should choose a policy with fea-tures that fit your individual needs. Some things to consider are: Term Insurance vs. Cash Value In-surance. Term insurance is intended to
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your guide to understanding auto ins in nh - New Hampshire

Hampshire Insurance Department does not mandate or set Auto Insurance Rates. Auto Insurance Rates will vary by insurance company. This guide is intended to give New Hampshire consumers basic information on auto insurance. It suggests ways to: Lower the cost of your auto insurance, shop for Auto insurance and, file an auto insurance claim.
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18.01.41 - REPLACEMENT OF LIFE INSURANCE AND ANNUITIES - Idaho

Department of Insurance Replacement of Life Insurance and Annuities. Page 3. 04. Existing Life Insurance or Annuity. "Existing Life Insurance or Annuity" means any life insurance or annuity in force, including life insurance under a binding or conditional receipt or a lif e insurance policy or annuity that is within an unconditional refund period.
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Our website is made possible by displaying online advertisements to our visitors.
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Our systems have detected unusual traffic from your computer network. This page checks to see if it's really you sending the requests, and not a robot.

















